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[ Abstract ] Automatic detection of pulmonary nodule based on CT images can significantly improve the diagnosis
and treatment of lung cancer. Based on the characteristics of CT image and pulmonary nodule, this study
summarizes the challenges and recent progresses of CT image-based pulmonary nodule detection using
various deep learning models. The study focuses on the review of major research developments by
investigating their technical details, strengths and shortcomings. In light of the current application status
of pulmonary nodule detection, a research agenda that aims to better apply and improve deep learning-
driven pulmonary nodule detection technologies was given in this study.
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Fig 1 Example of CT images of pulmonary nodules
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