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Objective Current mainstream PET scattering correction methods are introduced and evaluated
horizontally, and finally, the existing problems and development direction of scattering correction are
discussed. Methods Based on NeuWise Pro PET/CT products of Neusoft Medical System Co. Ltd. , the
simulation experiment is carried out to evaluate the influence of radionuclide distribution out of FOV (field
of view) on the scattering estimation accuracy of each method. Results The scattering events produced
by radionuclide out of FOV have an obvious impact on the spatial distribution of scattering, which should
be considered in the model. The scattering estimation accuracy of Monte Carlo method is higher than
single scatter simulation (SSS). Conclusion Clinically, if the activity of the adjacent parts out of the FOV
is high, such as brain, liver, kidney and bladder, it is likely to lead to the deviation of scattering estimation.
Considering the Monte Carlo scattering estimation of the distribution of radionuclide out of FOV, it's
helpful to improve the accuracy of scattering distribution estimation.
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Fig.l Schematic diagram of scattering events
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Fig.5 Estimation of out-of-FOV (field of view) scatter
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